
Editing Language Model-Based Knowledge Graph Embeddings

Introduction

Experiment

KGEditor

Datasets

Knowledge Reliability
Evaluate if edited knowledge is correctly inferred via link prediction.

Add Subtask Dataset Construction

We build datasets on two datasets FB15k-237 and WN18RR.

Insight
How to edit knowledge with many-to-many relations and integrate LLMs
editing techniques?

Paper: Code:

A brand new task for editing language model-based KG embeddings.
An efficient knowledge editing method: KGEditor, which can efficiently
modify incorrect knowledge or add new knowledge without affecting the rest
of the acquired knowledge.

Edit Subtask Dataset Construction

KGEditor capitalizes on the advantages of external model-based methods
and additional parameter-based methods, which employ additional parameters
through hypernet.

Knowledge Locality

We use the data from the standard inductive setting.
Metrics

Evaluate if editing affects the rest of the acquired knowledge.

Edited Knowledge Rate of Change

Retaining Knowledge Rate of Change

To better present the effect of editing, we introduce two additional
metrics: Edited Knowledge Rate of Change  and Retaining
Knowledge Rate of Change .

We define the Success@1 metric (Succ@k) by counting the number
of the correct triples that appear at the position .

The main result of the EDIT sub-task on E-FB15k237 and E-WN18RR.

The main result of the ADD sub-task on A-FB15k237 and A-WN18RR.

FT-KGE&PT-KGE

Number of Edited Knowledge


