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The goal is to classify news items into “important’ (1) or 'not important’ (0). To classify accurately, follow these steps:
1. Identify if the news topic could be relevant to a large Persian-speaking audience.

2. Assess if it pertains to significant economic events (currency or inflation changes, housing updates, etc.), critical political

events (government actions, international relations), or socially impactful themes that could affect many people.
3. Finally, determine if the story has widespread appeal or is only relevant to a niche audience.

If the news is of broad interest and covers the themes above, label it as 1’ Otherwise, label it as 0’ Upon completing the

scenario analysis, output the final classification using the format below:

Final Classification: [1 or 0]
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Label  Answer: Positive [EEEZTR Answer: Positive  [EEEETN Answer: Foo Answer: Foo
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Metrics for column predicted_k_20:
precision recall fil-score support

9.93 0.46 0.62 324
0.27 0.86 0.42 77

accuracy 0.54
macro avg 0.60 0.52
welghted avg 0.81 0.58
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Number of '0' labels: 160
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Metrics for column predicted_k_20:
precision recall fi-score support
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The goal is to have a binary classifier that, by receiving any input text, determines its class in the output. The classes include
two categories: ‘not important’ and “important’, meaning news type ‘not important’ and news type ‘important’.

Task description:

We label a text or news as “important’ if it is of high importance to most Persian-speaking users. In other words, if a large
population of Iranians are likely to read, share, or be interested in it, it is classified as “important’

If the news pertains to a small group or a specific community of users, has little reading value, or is not significant, it is
classified as 'not important’.

If the input text is of type “important’, the output class will be “important’; if it is 'not important’, the output class will be
not important’

Some concepts that fall under type “important’ are: Subsidies, stocks, and matters that involve receiving money are important.
Housing and home registrations, news related to loans, etc. Car registrations Significant fluctuations in currency, gold, coins, or
inflation rates

Politics: News about war, the JCPOA, Iran’s agreements, Sanctions on Iran, News of major regional wars, Dismissal and
appointment of high-ranking Iranian officials, These are all important.

Sports: News about famous and popular Iranian teams as well as Furopean teams is important.

All the above news are classified as type “important’, and other news categories that have fewer readers are considered as type
‘not important’.

A text or news is classified as 'not important’ if it pertains to a specific small section of the society. News that does not
engage a broad spectrum of the community is type 'not important’ For example: Sports: News about non-famous clubs and small

events are of type 'not important’ Politics: News about non-prominent figures that do not affect the Iranian society is of type not

important’ Social: News that does not engage a large section of society is type 'not important’.

Based on the following text, respond with only a single label that, considering the concepts discussed above and your own

inferential ability, indicates whether the text should be classified as ’important’ or 'not important’. (’important’ or 'not important’):

You are only allowed to write the label important’ or not important’ in the output, without any additional explanation.
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The goal is to have a binary classifier that, by receiving any input text, determines its class in the output. The classes include
two categories: ‘not important’ and important’, meaning sports news type 0 and sports news type 1.

Task description:

We label a sports news text as 1 if it is of high importance to most Persian-speaking users. In other words, if a large population

of Iranians are likely to read, share, or be interested in it, it is classified as 1.

If the sports news pertains to a small group or a specific community of users, has little reading value, or is not significant, it

is classified as 0.
If the input text is of type 1, the output class will be 1; if it is 0, the output class will be 0.

Some concepts that fall under sports news type 1 are: Matches, transfers, or achievements involving famous and popular
Iranian football teams, such as Persepolis, Esteghlal, and Sepahan. News related to Iranian athletes who are internationally
recognized or have significant achievements in global competitions, such as the Olympics or World Championships. Major events
in European football, particularly those involving teams like Barcelona, Real Madrid, Manchester United, etc., which have a large
following in Iran. News regarding Iranian athletes in sports that hold national pride, such as wrestling, weightlifting, or volleyball.
Updates on Iran’s national teams in any sport, particularly during significant tournaments like the World Cup, Asian Games, or

Olympic qualifiers.
Samples: Look at the following examples and, based on them, answer the question below.
SAMPLES HERE
Learn from the above examples and determine the output (only 1 or 0).

Now, based on the “above examples,” respond with only a single word that, considering the concepts discussed above and your

own inferential ability, indicates whether the following text should be classified as 1 or 0. (1 or 0):

You are only allowed to write the label 1 or 0 in the output, without any additional explanation.
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Task description:

We label a social news text as ’1’ if it is of high importance to most Persian-speaking users. In other words, if a large

population of Iranians are likely to read, share, or be interested in it, it is classified as '1’.

If the social news pertains to a small group or a specific community of users, has little reading value, or is not significant, it

is classified as 0’
If the input text is of type ’1’°, the output class will be ’1’; if it is '0°, the output class will be 0’

Some concepts that fall under social news type ’1’ are: News aboutl significant social movements or protests within Iran.
Changes in laws or regulations that impact daily life, such as those related to education, employment, or public services. News
involving prominent Iranian social figures, celebrities, or influential personalities who are widely recognized. Social issues like

poverty, inequality, or social justice matters that resonate widely within the Iranian society.
Samples: Look at the following examples and, based on them, answer the question below.

SAMPLES HERE
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Learn from the above examples and determine the output (only 17 or '0°).

Now, based on the “above examples,” respond with only a single word that, considering the concepts discussed above and your

own inferential ability, indicates whether the following text should be classified as ’1” or 07 (’1’ or 0’):

You are only allowed to write the label '1° or ’0° in the output, without any additional explanation.
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The goal is to have a binary classifier that, by receiving any input text, determines its class in the output. The classes include
two categories: ‘not important’ and important’, meaning political news type ‘0° and political news type 1’
Task description:

We label a political news text as '17 if it is of high importance to most Persian-speaking users. In other words, if a large

population of Iranians are likely to read, share, or be interested in it, it is classified as 1’

If the political news pertains to a small group or a specific community of users, has little reading value, or is not significant,

it is classified as 0’
If the input text is of type '1°, the output class will be ’1°; if it is "0, the output class will be "0’

Some concepts that fall under political news type 1’ are: News about significant international agreements or treaties involving
Iran, such as the JCPOA (Joint Comprehensive Plan of Action). Updates on sanctions imposed on or lifted from Iran by other
countries or international organizations. Coverage of major regional or global conflicts, particularly those involving Iran or affecting
its geopolitical standing. Elections, both domestic and international, that have a substantial impact on Iran’s political landscape.
Legislative changes or government decisions that affect the broader population, such as those related to civil liberties, national
security, or economic policies. Coverage of protests or significant political movements within Iran that resonate with a large

segment of the population.
Samples: Look at the following examples and, based on them, answer the question below.
Learn from the above examples and determine the output (only 1’ or °0°).

Now, based on the “above examples,” respond with only a single word that, considering the concepts discussed above and your

own inferential ability, indicates whether the following text should be classified as 17 or 0" (’1’ or 0’):
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The goal is to have a binary classifier that, by receiving any input text, determines its class in the output. The classes include
two categories: ‘not important’ and ‘important’, meaning science and technology news type ‘0’ and science and technology news

type 1"
Task description:

We label a science and technology news text as ’1° if it is of high importance to most Persian-speaking users. In other words,

if a large population of Iranians are likely to read, share, or be interested in it, it is classified as 1’

If the science and technology news pertains to a small group or a specific community of users, has little reading value, or is

not significant, it is classified as 0’
If the input text is of type '1°, the output class will be ’1’; if it is ’0’°, the output class will be "0’

Some concepts that fall under science and technology news type 1’ are: Major advancements or discoveries in science that

have global significance or specific implications for Iran, such as breakthroughs in medicine, physics, or environmental science.
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News about technological innovations, particularly those developed in Iran or by Iranian scientists, that have the potential to impact
industries or society at large. Significant developments in information technology, cybersecurity, and artificial intelligence that
are relevant to Iranian interests or that could influence the global technology landscape. Reports on major scientific conferences
or events where Iranian scientists or technologists are recognized or play a significant role. Developments in the tech industry,
particularly regarding companies or startups that are driving innovation in Iran or globally influential tech giants that have a major

impact on the Iranian market.
Samples: Look at the following examples and, based on them, answer the question below.

You are only allowed to write the label ’1° or ’0° in the output, without any additional explanation.
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For this classification task, follow these branches of thought to decide if the news item is “important’ (1) or 'not important’
(0):
1. First, examine if the topic could affect a large portion of Persian-speaking users, considering its potential reach.

2. Next, break down the topic’s content into economic, political, and social relevance. - For economic news: Consider factors
like inflation, housing, and stock trends relevant to everyday users. - For political news: Evaluate if the content relates to Iran’s
magor policies, high-profile government changes, or global interactions. - For social relevance: Check if it covers popular sports or

events with a broad appeal.

3. Assess if the story’s appeal is universal or niche.
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Samples: Look at the following examples and, based on them, understand which news is considered important or ’1’ and which

ones are considered not important or 0’
SAMPLES
Learn from the above examples and determine the output.

Assign 1’ if the story is broadly significant or ’0° if it appeals mainly to a niche audience. Once you’ve reviewed these

scenarios, provide the final classification formatted as follows:

Final Classification: [1 or 0]
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Metrics for column predicted_k_20:
precision recall fi1-score support

0.87 0.89 0.88 324
0.48 0.43 0.45 77

accuracy 0.80
macro avg 0.67 0.67
weilghted avg 0.79 0.80

Number of '1' labels: 69
Number of '®' labels: 332
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Metrics for column predicted_k_20:
precision recall +fl-score support

0.88 0.55 0.68 983
0.22 0.64 0.33 196

accuracy 0.56 1179
macro avg - - 0.50 1179
weighted avg - - 0.62 1179

Number of '1' labels: 569
Number of '©' labels: 610
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Title Only Accuracy Precision Recall F1-Score F1-Score(‘1’) | F1-Score(‘0’)
Prompt 18 54% 57% 60% 51% 40% 63%
Prompt 19 68% 59% 62% 59% 40% 78%
Prompt 21 48% 57% 59% 47% 40% 55%
Prompt 24 74% 58% 56% 57% 29% 84%
Prompt 25 71% 56% 56% 56% 31% 82%
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Title Only Sports Political | Economic Global Social Cultural | Scientific Health
Prompt 18 56% 43% 59% 43% 49% 41% 49% 52%
Prompt 19 59% 54% 62% 48% 57% 49% 54% 58%
Prompt 21 52% 41% 51% 40% 44% 37% 47% 49%
Prompt 24 55% 56% 54% 56% 55% 48% 52% 49%
Prompt 25 55% 54% 54% 56% 58% 49% 58% 49%
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Title Only Accuracy Precision Recall F1-Score F1-Score(‘1’) | F1-Score(‘0”)
Prompt 18 51% 56% 59% 48% 36% 61%
Prompt 19 66% 57% 60% 56% 36% 77%
Prompt 21 45% 56% 58% 44% 36% 52%
Prompt 24 76% 58% 57% 57% 30% 85%
Prompt 25 72% 57% 57% 57% 31% 83%
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Abstract

This work examines the capability of large language models (LLMs) to messure
the importance of Persian news, evaluating their learning ability from content, reason-
ing skills, and overall cognitive capacities. Initially, annotated datasets were collected
from various domains, including sports, politics, social issues, medicine, and culture, to
develop an evaluation framework for LLMs. Within this framework, various existing
models were analyzed and assessed under different scenarios and conditions to evaluate
their analytical performance in both Persian and English. The findings indicate that
prompts incorporating Chain-of-Thoughts and Tree-of-Thoughts significantly improve
the models’ performance. Additionally, the Symbol Tuning method enhances sensitivity

to the input queries and their content.

Keywords: Large Language Models, Natural Language Processing, Machine Learning,

News Importance Detection
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