SCAT S apik

5

1 Widr

Pt ELIBR I 7 A B SCARJC R 2, SO S A8 H 2 FE, WA RSO T B
4E7 AL PLRAFARR AL, SCAH SR H R — AN E BT B SUREE BTER SO SO B R
A R A R AR 2

S 4% A A RT3 S BRSCRS 22 (Single document) I SCR4HEE (Multiple docu-
ment ) o FLSCRHZE G E I — SO T AR I B, 2 SO S 4 1) — AL U R 1) SR
AN SRRSO AN b, 2 SRR B I i 98 M) TR BE L BE AT i E 4 L
(B SR B TR EEBI) . R (TR A8 1P AR S 5 o 45 A 1 2280 T 7 S il A
(Extractive) FIAAIH%E (Abstractive) o SHIRCIRSEA PR SRS FFl M B4 1 X B i) 4L A 22
TR AT IS AR EARYE 5L, SRV OB Tl . AETE R AL 2. $5 I H T A
S AW TE AR (Generic) M FAHE (Query focused ) o A To FRA B X — AN SCRYBCRE (A
PR SE, T AT RAT SR SR AR P AT ) R IA R B 755K (Information need) SIS — i SCRIfY
SR A 5 T R T AR A BB B (Supervised) FITCHEHHEE (Unsupervised).

ARSCERRTERIC . Eilok. AR, PG, ERGURE. X H B WA SRR 27k
PEAT R EEARIA -

2 fhIRH R

TR E SR OGS A . SRR 2 XA RIRTE A . TR A0k AR
RN, PRE T —ERCR . HErIRE 2T R M B . RS A U A 2. H
P A o 28 ) 5 1 il BB K A AR PR A R P 9T (Sequence labeling) A4 14
J¥ (Sentence ranking) PIFALSF. NI H SE/ M HAGMHIIGRIHZITIA, 323 7 KRBT 22 R
R 207k

2.1 14505k
2.1.1 Lead-3

—MRUL, SFRIEE T STEAREUR SCR ARS8 A, DR A T SR )y Y s
PR LRE . W AT Lead-3, BIFICCEE R BT =R/ SCEH 2. Lead-3 J7¥AE
AR, HALZAEE AU .

2.1.2 TextRank

TextRank 55445l PageRank, F#a] FAEN &, AT RIFHEIEE , #5ETomaAsh. i

BERBEE RS SE, RJEERIR N MRS R R, AR BRRARENE LR,

1



combine split

— ‘ Text - Sentences # Vectors

articles ‘
Sentence Similarity
‘ - Rankings - Graph - Matrix

Summary

&l 1: TextRank BE¥EHAR

2.1.3 ER

RPN — D, RN e 2. Bt [Padmakumar and Saran] 45 A
Y E A T{d ] Skip thought vectors 1 Paragram embeddings Wifh 7 A 7415, 5801
o mEIoR, P K B(EREM Mean-Shift IR 7HRE, 58 N KA. GG
ANZEHIrh, WERREE B RO RO )T, B N AT, VRN E AR

2.2 AT X

IR ZE T AN PSR (Sequence labeling) L5 dE47ACLEE, HALLARIAR : MIFIC
PR TAT A AR (050 1), 0 fURIZAAE TR, 1 URZME T, m&
TE R BrAREEA 1 A T

2.2.1  JFPAIBRTER R IEACHEZR
RESCA LB 7 SRR 55 1 A E TR T30, RIREA) T ambd oy — A i, R3S

IR T 04055, Bl AAAILT . [Nallapati et al., 2017] % Ny TAE, @R GRU 4
BIHRATES SR TR FER . 8 SummaRuNNer W1 28R, @0 NIATERBIFER,

A NATIRNFOR, MTR—DATFR, A0, 1 &, FRHRfamE.

\)
/
|
Y

Sentence layer

Word layer

Input Layer

Sentence 1 Sentence 2 Sentence 3

& 2: SummaRuNNer &7



BRI SR S E R, DU B E B X B A T A2, IR 2l s &
A BEAT IR . BARTTIE N e U SC P SR e 2158 ROUGE 1373 s 19— AJ i I A fi%
WG, AL SO TIE R, SRILE T 2EE S ROUGE 130330, B2 IJCiAM R i%A
Fo BRI EE ARV A A THCON 1 AR, HoRN 0 1r%k.

2.2.2  JPAIBRIES O 2 AR5 2]

1t EMNLP17 wft, [Isonuma et al., 2017] 55 NZ5 4 SCRY S 2RAT: 55 R 4l B 56 it G AT 45«
BRI 3775 . Sentence Encoder #i4y, il CNN VEM4EMERS, B2 A TR AMWFER. K
I RNN Encoder-Decoder #EZE, #i A FIFR~, $RJE7E Decoder(Sentence Extraction) FJHR4Y,
T A — R, RFZA AR . RHX M Encoder FR31 1) 7 FonAlfe, 15
B A SO RIR o A2 SORY 3 7m R F I SR 2 531

HAZOAERAE TR/ SO A — iR A 28, AR — B R DATHON HE SOy 288, 136
LA T AR SO RS R I RE T, TR 22 SAEAT: ol 38R A A i R ke felE 1 Sy 43
FATS5FIA) TIPTS5 FH B, B8 m B LR R S B ) 1) B

|-I)th'u ment Classification

Sentence Encoder I

ot -
| CNN || ONN Vown

G |

&l 3: ORI SR Al AT S5 12

ZHEZRE ] T baby step #AE2%>] (curriculum learning), BFEIREED N T =404, FH—i
oy 55 R BAEAEIE, B R RG] TR 55, 56 AR RN SR SR 2 AT 55, SR =
TR B IRHEE, RFSCRY ERZE N R M2, AT %%, B ZEAU ] Sentence
Extraction #84, MR#EE—L AR 4

B A ) SCRY S W] DAAR R T P A 26 sl B SRR E, )T AR 2l s e R
5.

2.2.3 JFHIkRTESI Y Seq2Seq

TR °] AR RS AR A il 45 A Seq2Seq FlaAk2F > 5E A

ACL18 "1, [Zhang et al., 2018] 2 A\FEFHIFRIEMIEAY I, (] Seq2Seq 23] — AN T-HE 4
(Sentence compression ) AL, i FIZATAAG BEHERR ) TRIGFIR, 45 Gromabay ) 58 UL 2%
HAEA Latent Q1 45775,



sum.senty sum.sents

«“ 8

Latent 0
Variables
Document \;a \
Decoder ®
Document ¥
Encoder

—( @

sent; senty sent; senty

MeanPool
Sentence (] ' o) )‘ol
Encoder L @ ®
D‘. G
sent; = W wWa ws

K 4: Latent 7

BT ERIRZ D RV SR - TR A X B R IO AR S, TRE5E S A =R
B, SR A X SR AN A B 2 B AR AR 2 AR 2 P B B . Pl Latent Bi80R R
FEANRREE A BRGNS RY 2R SRR A R IRl 25 R . ZEA 3P AR
PIMRR A ZIG, W R EAE G, SARMEREON LTS Je AT DATE G- R FH AR e d 22 vh
IfEE

Sentence Encoder., Document Encoder. Document Decoder 52 FifiBI ELAMH ], FT3k15
R RS, TEAG3] 0. 1 FR2Erta o1 ol DA SRAE, SIS e e & . ATt
1) Seq2Seq FIAY AT PATT A M e 22 31 B 4 2 1) A ORI SR A\ T S 47 2 3 e B 1 2 TR 2
R AR L, G VR it > i K Jih Reward 1)I| 2545554,

2.3 Seq2Seq Jjiz\

BRI i A A A TN R T2 T AR AR A . ACL18 1, [Jadhav and
Rajan, 2018] % N H Seq2Seq BB 2z 5 £k Jli il i A1) 1 IO 2R 5 )3 41 o 58 WA B 3 24
%, Hipgml SWAP-NET & 55775 .

TEfRI I E—, T4 Switch MESAE/RAESIAESE )T B e i 2 iE e 1
HRRE T . R RAEMATEGER . B THEAEBATARBNMEZ I, B7FE%EZ%
ARG T RIS, RS, WS R, R top k AIMEAHHEZE.

2.4 ATHHF I

IS A B THEF (Sentence ranking) L5552, 5P FRREAT 55 1A A iAE
T, AR ER T — ) TFRIT—A 00 1 4345, HE[A] sigmoid 588, 1) 1AL
SRR T R R R A AR, R softmar 04k, HAMIRARR, PR
top k M TAENERAME . BRMES BT 0 (RZEPUHET0) AW, HRRHAZL RS
XA TR



Sentence
Attention

Output

sl

wl w2 wl wd ws w2

Sl

Word
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L
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-

K 5: SWAP-NET #%7

2.4.1 MW HEFEE A ALY >]

f£ NAACLI8 t, [Narayan et al., 2018] &5 ARH S — Bl THEF TAE, BAEIH
REFRESH {1/ 6F17~ .

Candidate Gold
Sentence exiracior summary innaticy
¥s ¥ Y3 M2 N
Sentence encoder s 3 4
,»/ /. e W REWARD
Police ¢ 54
arc (L] / . ! it
ook (R m » 55 5 5 SJ: a
for 52 —_
the | J
driver " LI j :
- Document encoder REINFORCE
[eonvolution] [max ling] ¥ B B W
1 = Update agent
D R AT A

55 54 ] 5 ]
: +

K 6: REFRESH #i7%l

Encoder #/rffi 1 Z 4% CNN AR A]F A RAEFI IS . 2 J5 /- A) 1%~ A Encoder-
Decoder 55— A1 F4T—MRZEDABAER , FRB M FRE ST . KA TR TR
i softmax HATIH—AG, B top k M FAE AR AR E.

X TAEEA R A X Cross-entropy fF4 HARREL, 12 sk k2£>]5] A ROUGE £
i, il BRIAE I B TS ECE R . T REINFORCE R4 RN, N T4i/IMERS
[B], fREEREIFA RIS R, M ekl p A4 ROUGE marivi)+, #7484,
FEMA AR ZE R PR k 4~ ROUGE S B/E A8 R 25w, THE R R ).

2.4.2 A THEFS BT i X

Z ISR R ARG B ) T 2R USSR TAY T T T 0, RO 1T SR R Y
FeATor, eI AT . A MR T Z AR K AR . 12 ACL18 H1, [Zhou et al., 2018] %

5



NFEH TR F T =X, A2 lE T o, ZIER TAFZ RIMAEE R, HEE
NeuSUM #E 7R

argmax =5 argmax =1 argmax =7
R —g— |,74ﬁ e B
; — P
sy | | &2 £ 54 85 | hy | ha 1 ha
Document Lewel | — ‘
Encoding | g

- _ g - = L
53 ‘Ea‘ 35 0 85 81

@] _EEL Bl FE] EE]EE)
iy |l g (Bl i’?ﬂ -
Py oy - = —efqy! Joint Sentence Scoring and Selection
Sentence Lewel | (RO RO _[E@) F@)| =6 5@ |
Encoding | 1 ? ? } 4‘ | 5. |hﬁt [
[
= tjix I;:” z ;i,‘ Iis‘\ 1[53) I::”

K 7: NeuSUM A%

AT G5 BIEEA A o FT 70 ARG 66 ) GRU FIXUZ MLP 58)i. Hif) GRU
AT LR ZAR A TR O, B0z MLP JIT4T 2. $10 s VR,

g (SelSt—1) = 7 (St—1 U{S:}) — 7 (Si-1) (1)

Hrpr {3 ROUGE #4845, S, RRC RN T8HA, S NERmEa 1, Birel
1% g MO, BRI Rl iy 1

AR T 3 R S) . BB g Fomh) 1, BRIJCIEM R ix & aes k8 140
Wik. SE£E S NIRARHE.

3 kAN

G EAE R Ak B RIE, E2Wmilh T, flan: NIRRT IR
HREZE . RIS AR A VRS T SRR EEE, RIEMS, BRI LA
MM SRR AR, JPHNE)TF (Seq2Seq) HIZUME) 1z ) H TAE Ui 2T 55, HFIUS—2 W)
B

U Seq2Seq e A BT ZAAAEA R i@ (1) SRR ELEELS, (2) £
KA (O0V), (3) AES . BES) 2N H T AR ZEIHERE [See et al., 2017] A
7 ACLL7 Wiy, fEET = S1PLH (Attention mechanism) ) Seq2Seq Al F3Hn T Copy Fil
Coverage B, ARUHIZEM T FiRMB ., HABA pointer-generator W28 ANEl SR .

HA R BEEATR A B TR IIHLHIT) Seq2Seq BEAY, (i 4G — MRS I B 2R AS 5 S5 1) 2
JERSTTEANE, HATHH) context [njhL, FI context [ sl F 2 RS H tH AR .

FIH Copy HLifil, TEAEMILHIR—LHHEHE DL (pointer) B (generator) AYMEEE,
TR ER, ZALH T AR AR S DURIE S b, RN SER T AR SEIW (O0V) 1yiA)
L

FIH Coverage ¥, TFFEAEMIDIE—FHE 2 HIA R attention ALE, 456 coverage ik,
WS B O ARG mAE IR LI DA R SR A B A Y 1) R

BT ZMESR] DA — L8k, fE ICLR18 1, [Paulus et al., 2017] 55 N, FRIZHELL R HLA
ST g B I PL I 4 A i Ak 2 20 R 58 A i B
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& 8: Pointer-Generator 5%l

FF 1A Coverage HUl, 76 EMNLP1S 1, [Li et al., 2018c] % AKE T4 TG SHLR
i 1) T2 Coverage e FAE AR [ AR B A T DASC TR IR IS S, R T 2 Lt B T 1

3.1 FDUAMBIE

e B EIPASL , BT Seq2Seq MRLBYAEFERHE SCALE BN &I, X T2k UL, G E—Fp
) FE4E (Sentence compress), MMAZ—Mi%E. HILEE ACL18 1, [Cao et al., 2018] ZE A, fifi
B S EORAE SO R A . AR OEAE T ARV AR B — ML, X s
LN AN, MERNSMRER AT B . HARAL Re3 Sum —34 5 Retrieve. Rerank, Rewrite
=AY o

Retrieve #5r FEARGRAPIA] T, PAFGERE, HaBmE 9frs. X &Y4uHh)1, X1-3 2
WHETRAF, 25E r1-3 =2, e iaa) AR R X1-3 igha) £, SRJ53R1S4H %
VER At S G

X —
4 X1 > rl
N X2 » r2
by X3 ¥ 3

& 9: Retrieve 1%

Rerank #B53 F THEP RN, EUIZEET, TGRS B2 ROUGE 5-7E b HE Y
Wt , FEFFRE SRS, S M EAREAHT RS . DIt o<
Al S HEAS 3.

Rewrite #84y, 45 A AR JFSCA % 2. Rerank il Rewrite B& IR an & 10F17R



: 1
Saliency
i
|
Rerank 4

& 10: Rerank F1 Rewrite BE&r)I145

3.2 ZALHE2]

W TR A S BRI E BAE A — R AN AR RASN, 72 ACLI8 Hr, [Guo et al., 2018] 2 AR
%A (Summary generation, SG) WAENEFS, W4 (Question generation, QG) Jl. Zisr
421 (Entailment generation, EG) ﬁfﬂﬂﬁﬁjﬂf%i_hgﬁ%%?o IV A JAT: 55 T B AR 45 72 1Y
SCARTIEZRAE MR, BORBIA A AR EEE EMEE T, 40 A TS ZORIR RS A, H#
R S SO, BORBBLEAT B AR HERE R jilo Tiﬂ-‘i‘fﬁ%ﬁp, B S SCH Y B A% O )
A, AR S SR AR BRI AR Y, R R S RS ORE, TP
J&. HAEA SG+QG+EG WE 117w,

QG ENCODER 56 ENCODER EG ENCODER

a ﬁ ¥ ¥ Y
E 3
88 - a a
5Q

X

W

o . g

& -
ok »
E & .
x § - - a
W

(N

= v

g8 |
S :
: E ATTENTION DISTRIBUTIGN ‘

E £

=
R A1
38
@8

11

]

M -
5B
5‘ 3 Y - -
3!
£23 '
b % Y Y v v ¥

n —

QG DECODER SG DECODER EG DECODER

K 11: SG+TG+EG #izd

3.3 AR B

7E AAATI8 1 [Liu et al., 2018] 2 AF| ] SeqGAN|[Yu et al., 2017) {84, FI A A G
A AL, I HIAIEL D SR XK BSHH B S A 2. BRI T O, SIS



4 IR R R

X, AR AT, AT AR MILA, — L5 TR ] I il s & A i oy

RARGE IR AT 55
TEA AR, ARG AR AR B B B4R A5 5, BN pointer-generator [ 257
copy HYIIREH, TCIAMRAFHE AL R SR, NI — S8 ik e e R SN 2, PR T A 8

4.1 Hard Ji&

ME S ERGE, EAES T ARE S AW, HhaEFREENE, HIRETHENRS. &
EMNLP18 H', [Gehrmann et al., 2018] ¢ A B F X FiAHE, $2H T “Bottom Up” J5zUHyiHEE,
ﬁf‘ﬁﬁﬁﬁ “content selector” PEFEICHE(FE, HIRMA pointer-generator P28 i 2. HALAK R

Content Selection Bottom-Up Attention

,r’!\\ -

Source Masked Source Summary

& 12: Bottom-Up #2ims

A E A B MR AIARYEAL 55, %700 0 S B i o B v 5 3 SRy, 753
TEHNINRYE o« EA BT pointer-generator (4%, (i N SRR /- TS AR AR Z1E 2k
JfA attention fff%, fif5 Decoder {X LRI PIZS

b T _EiR DU ARE Ty SR BERR K IR ¥k ASE , #E NAACLIS8 Hr, [Li et al., 2018a] % A fiff
H TextRank FyEIRIS XHEI, 2 )5 A MG BRI RN, % FIIRES A pointer-
generator 2% B 2L, HARAY KIGN & 137K

. . . _[swdkios))
Ke ylniormatmn i hit{0.3)
Guide Network . = m 4{ EG_TE- \ snﬂmax i ‘ 5’“""'0 05)
keywods: eart ‘II' ,r? s { 5
—— amntlon el | — /
= -:_,.»- '_L_ ..“’ /
HHH H = N y*
hg n eartheu ak e

uake magnitude

Encoder Decoder

K 13: KIGN #iz



4.2 Soft Jj,

TR SO R E R A R TR SR R A, BRI T SR GO E R, R
FT—7#h Hard 775X, & EMNLPI8 f, [Li et al., 2018b] &¢ A, T J45ALE], A G h A5 21 ) ) &
FORPIERPEA ME BN TZ G ZE R, BT —Fh Soft Jyx. TEMEHZRAL encoder 153]%]
T EREFRZ G, BRI, SRR g0, FonM kg AEe . HaER
InfoSelection 1K 147~ .

HEELE

IBpanUD usWNIS]

[hL—l’%L—IhL—IhIA’HL—IhI-—‘I‘HI-—IﬁsI

DIB9S LONBULCHU

& 14: InfoSelection %!

4.3 Soft+Hard JjjR,

1E ACL18 1, [Hsu et al., 2018] 55 AR BELAL ) S R ) 7201 attention A EE
FHZAE e A AR AL () RIEESON attention AUEE, AN 157K, HACEE R SiaiE
N attention AUHFHY, A FHIT) attention AUHEME . ET HAHERR T T Inconsistency i
AL, BRI A A)FOB E AR SO A RS BB TERZIGRET, 1555 Bl
YNGR AR A, 2 JE A PR 2OREE G MY, Hard JyaU: RGBSR HI ) ¢ 6
A EARAE N GBI A Soft J5 20 Rt RGBS i 1 i s A58 SR R B TR TR 0 AN

Sentence Attention (transparent bars) and Word Attention (solid bars) Updated Word Attention
1 Multiplying and
Renormalizin,
: ‘ Ilncnns istent g Attenuated
| | —)
| Sentence and Ward
1 ‘ Attentions
‘ = ¥
[ Sentence 1 | | | Sentence 2 | l Sentence 3 I t Sentence 1 N ‘ Sentence 2 ' I Sentence 3 |

Kl 15 BUE AR

10



5 AAAI19

1E AAATL9 ) [Gao et al., 2018] ZE AR T “RHEEEE A N A2 (Reader-aware
abstractive text summarization)” {145, FHH#EH THEIESE, BHEERFIWE 160K, |30 .
2L PR AL, 4k 863826 YIZRFEF], U135 67.08 A~ia], 2 16.56 N, PFiE-F-1) 16.61

A, FASCRTR 011 ZTi,

document | REEFR, TREEHFREHFELFETREEETERE
AEH AR e, 28 BB ERE TSR,
i 7o T R R D E L, AR Al AR S Rl
EHHE. BaTEREETAMERIMERE . LK
P5(I.in Xu said that the Central Network Office will provide policy
support o establish a nattonwide capital to enter the cultivation
of internet companies, improve the policies of domestic listing of
mternet companies; through the press on the news wehsite to 1ssue
a press card, carry out education and tramning for practitioners, and
strive to create new the national team and the main force of the
media platform. Se¢e Long Weibo for details.)

L& BF Al Al A State-owned capital must be involved.)
PARMEATERBEESAETH L, EWEARIT! (The

Central Network Office should not implement the measures on the

comments 5 L
documents and must implement them in a pracucal way )

Foir 8 (5 2 B I X B 3 2 5 T (L feel that the Cen-
tral Network Otiice should cure these black sheep.)

reference | MEHMEE: EUR2EFREEARTEIEMN L
Ak(Deputy director of the Central Network Office: Establishing

state-owned capital to cultivate internet enterprises)

& 16: Reader-aware g4

TE AAATL9 w1, [Shi et al., 2018] ¢ NBUAE 1 Z HRRF SCRIMSS B ZEAOMCE, 11208 SOR-Hid
SOMBI 2135, R MRS [FEAR A AR, 58 2O T SO BBk, JR T — Rl e )

(Contrastive Learning) #J 7K GARA, HEA DeepChannel 41E 177K .

s l ;S—

Sl—b —— S]_ !

) | S

§3—| > 52 Attention Weighted

: Sentence i 4 Average — . (d;|9)
5|5|—| Encoder | 8|5}

d;—+ — dy ——

i d;‘

& 17: DeepChannel %544

PRI )5, SO R OO — M) 1, [R50 e
.

11

, EEIEE] R
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6 Kk
6.1 DUC Corpus

DUC Bl h i Bl 48  FK SUAR A jli— 445 2, 43> DUC2003 # DUC2004, DUC2003
L 624 SCRY-HHEON . DUC2004 75 500 SCRY-FZEXT, DUC2004 SCRSF-2 35.6 AMin], HHE-F
¥ 10.4 .

T DUC FHEERBR /N, R IR 28 W 2 A B AR A A oA B 48 kAT 4%, e DUC X
Pt AT I

6.2 NYT Corpus

NYT et & 7 AT 1996 & 2007 AR SCE, fH2EM L RGE M. AR
TARMEA RSB T, HHRERME, KRAF 40 Nk, AT “WPEl” MERg.

6.3 CNN/Daily Mail Corpus

FI A7 1Z 60 02 ONN/Daily Mail 8000k, J6T 2 W80, #00TFII4 Rt
BRGE AHRE N EAL S M EIRE B 53], YIRS 286817 Xt , FFAMEALHE 13368 Xf, il
AEALHE 11487 Xf . H P I ZREia 8 SCE-1-1 766 M), 29.74 43, P 53 A, 3.72 f)
e

R ILEW N RAS, B4 (Anonymized) MUARFIARE 4 (Non-anonymized) JiiAs, A&
PIRAAISE T HL LA (Entity names), &4 AR SR IRRE RS [ HEF TR e

6.4 Gigaword Corpus

Gigaword yfe SR e T AT RS , 10 2 il SO — AR AN H 25 5 Je A AR . Il
Zh4EIt 3.8M, JRASIL 189K, MALEIL 1951, RIS InE 18Ff K.

Dataset Train Dev. Test
Count 3.8M 189k 1951
AvgSourcelen | 314 31.7 297
AvgTargetLen | 8.3 8.3 8.8

K 18: Gigaword %da4iit

6.5 LCSTS Corpus
LCSTS Sy SCRSCA SRS, R @55 0k 198778

7 VFrEbs

Rouge(Recall-Oriented Understudy for Gisting Evaluation), —FhE:T13 MR AG AL &
W, AR VAL B ) SCR A B AL B — ALARR , B AR SO A PE AR S . B B B AR L A
TEIE S S GER RN TANN) ST BT, 15 HAHN B 2HE, DA & B 3480

12



lIEsEEmEE sxEs pREsRs) ARBREERFANS, THHEREE
B%, 7R PEIAANATAGHEE, ENEALARENERRE, IHREHET.
IEEREE MR DRENETHEZRE, RANATESFRNTHR, ALEs
BHESEH. BEEREUERNAESAH.

K 19: LCSTS # @ x

TS S SERMEZ B MHOE”. AT SRR FE bR £ 254 ROUGE-1, ROUGE-2,
ROUGE-L =AM8#5, HiT5E451# & Uni-gram, Bi-gram fil Longest common sub-sequence.

8 BIRIALS

FAG LR EMEE T AR AR D

9 AR
elfs 20845 7 EIAHIRTE ONN/Daily Mail $R42 EG55L50

10 xagh

SUAR B AR GE B ARTEF AL BT S5, A KIBAH Y A RAANHT, X —J7 M5 an TR
Jrik s WRHSE, S Jr R TR EAL S A S R TR A O SO A B — P B
THEEL., TUR. AER. LWBES S, SAERETLSRER S, Hraomy: m
i s SRR o 2 N RYSCORR T 22 HIERR ", A BUOCZ R i) 1154 . FIH
SRR, R S H ) 5 8 4 7 SOR B I R B B A il A MR R, EPHN AR
EAANSE . AR BN AR RN, WV RE AL, ARSI AR, o
LIRiOP YNSRI R

%75 3CHk

Zigiang Cao, Wenjie Li, Sujian Li, and Furu Wei. Retrieve, rerank and rewrite: Soft template
based neural summarization. In Proceedings of the 56th Annual Meeting of the Association for

Computational Linguistics (Volume 1: Long Papers), volume 1, pages 152-161, 2018.

Shen Gao, Xiuying Chen, Piji Li, Zhaochun Ren, Lidong Bing, Dongyan Zhao, and Rui
Yan. Abstractive text summarization by incorporating reader comments. arXiv preprint
arXiv:1812.05407, 2018.

Sebastian Gehrmann, Yuntian Deng, and Alexander M Rush. Bottom-Up Abstractive Summariza-
tion. EMNLP, 2018.

Han Guo, Ramakanth Pasunuru, and Mohit Bansal. Soft layer-specific multi-task summarization

with entailment and question generation. arXiv preprint arXiv:1805.11004, 2018.
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BiHA, e el AR
SummaRuNNer AAATILT7 I T 25 ] 45 /0) -8R A
MultiTask EMNLP17 it BEEV SNl
Latent ACL18 EiliiIE:N A Seq2Seq THEHIZK, T4 F IR EAE
B MEER] TR 2K
SWAP-NET ACL18 ey FIA Switch AL, A& BOAEMAFHRTT
B, HR AR SRR e A A
REFRESH  NAACLIS it #ifbees)
NeuSUM ACLI18 EiiH1iEEN GIRR &Y (kN UEAR WY
DeepChammel  AAAILO  HHGR  $FSCRi AR E XM
Pointer-generaor ACL17 A HE S Seq2Seq. Copy #HLiil. Coverage #Lil
Re?Sum ACL18 PR AU TR A SRR TR A AR
GAN AAATIS Azl FIH SeqGAN 1) AR 58 U AT 55
Bottom-up EMNLP18 il + £l ARt Xm0, HBmEEs
B
KIGN NAACLIS it + A=l A Textrank S SE k15 X i)
InfoSelection ~ EMNLP18 it + Al (E T 1HEALHI AR FoR rh g U R
Inconsistency loss ~ ACL18  HiliHt + Azt o ) il B AR 2R Ay o DR 250 ok 81 8 37 15 8031 1)
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