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Deep Residual Learning for Image Recognition (CVPR 2016)
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CNN 20| EZ ™ (Feature Map)
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Very Deep Convolutional Networks for Large-Scale Image Recognition (ICLR 2015)
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plain ResNet method top-lerr.  top-5 err.
18 layers 27.94 27.88 VGG [41] (ILSVRC’ 14) - 8.431
34 layers 28.54 25.03 GoogLeNet [44] (ILSVRC’14) - 7.89
Top-1 validation error rates (%) VGG [4H1vS) 24.4 71

PReLU-net [13] 21.59 5.71

method top-5 err. (test) BN-inception [16] 21.99 5.81
VGG [41] (ILSVRC’14) 7.32 ResNet-34 B 21.84 5.71
GoogleNet [44] (ILSVRC’14) 6.66 ResNet-34 C 21.53 5.60
VGG [41] (v5) 6.8 ResNet-50 20.74 5.25
Eie;‘;“‘;to[:ﬂﬂ :zg ResNet-101 19.87 4.60
e ELSVR o1 . ResNet-152 19.38 4.49
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Top-5 test error rates (%) of ensembles Validation error rates (%) of single-model
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