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Recap
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giraffe
kaelkirjak

eats grass

eats fish
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Sentiment Analysis

Embedding Embedding Embedding Embedding Embedding




Proposal




Downsides

* Long sentence

= 100+ words

= too0 much parameters [wy, by]

= No context information

= consistent tensor




S1.Weight sharing

https://kasperspiro.com/2016/10/27/sharing-your-knowledge-whats-in-it-for-you/



Naive version




Weight sharing




S2.Consistent memory




Consistent memory

X@w,p, + @wy, g X@wy, + i @wy, ¢ X@wy, + h,@wyy, g X@Wyp + hy@wyy | X@W,p, + ha @wyy,

boring




Unfolded model
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Folded model

.
b

embedding

https://towardsdatascience.com/illustrated-guide-to-recurrent-neural-networks-
79e5eb8049c9



Formulation

y hy = fW(ht—h fﬂt)
! '

m> hy = tanh(Wpphi_y + Wypzy)

X Yt = Whyht




Overall Diagram

X@w,p + ho@wy,, g x@wWy, + i @wy, ¢ X@W,, + b, @wyy, g X@Wyp + hy@wy, | X@W,p, + h @wyy,

boring




One more thing

Gradient




How To Train?
h; = tﬂﬂh(ijt + WRht—l)
yr = Wohy

3Et Z 8E’t Byt 3ht 3h

8WR Byt aht 3}11' GWR
y y y y
Ohi _ Ohy Ohiy  Ohin _ ﬁ Ohy:
mﬁﬂm _..¢ Ohi  Ohiy Ohi s =~ Oh; L oMy
ah f = tanh(x)
o 5 5 ) L — diag(f (Wrzi + Wrhi_1))Wg
Ohy
h ohi
0» Wih» Whh = | | diag(f'(Wizi + Wrh; 1)) Wg
- i

https://weberna.github.io/blog/2017/11/15/LSTM-Vanishing-Gradients.html
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Thank You.




