Regularization

Fift: R



Occam's Razor

= More things should not be used than are necessary.
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Reduce Overfitting

= More data

= Constraint model complexity

= shallow
= regularization

= Dropout
= Data argumentation

= Early Stopping




Regularization

T(O) =~ 3 g, + (1 - p) In(1 — 5,)
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Intuition
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How

= L1-regularization
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= L2-regularization
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One-by-one regularization

l2_model = keras.models.Sequential([
keras. layers.Dense(16, kernel_regularizer=keras.regularizers. 2(0.001),
activation=tf.nn.relu, input_shape=(NUM_WORDS,)),

keras. layers.Dense(16, kernel_reqularizer=keras.regularizers.12(0.001),
activation=tf.nn.relu),
keras. layers.Dense(1, activation=tf.nn.sigmoid)
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Flexible regularization

for step, (x,y) in enumerate(db):
with tf.GradientTape() as tape:

loss = tf.reduce_mean(tf. losses.categorical_crossentropy(y_onehot, out,
from_logits=True))

loss_regqularization = []
for p in network.trainable_variables:

loss_regularization.append(tf.nn.2_Lloss(p))
loss_regularization = tf.reduce_sum(tf.stack(loss_regularization))

loss = loss + 0.0007 « loss_regqularization

grads = tape.gradient(loss, network.trainable_variables)
optimizer.apply_gradients(zip(grads, network.trainable_variables))







Thank You.
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